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Research on the Application of Deep Learning to Promote the Construction of Teacher Ethics and Style in Universities

Zhang Wenying

(Shangqiu Normal University, Shangqiu, Henan, 476000)

Abstract: In order to effectively utilize the subjective text evaluation information in the process of evaluating teacher ethics and professional
conduct in universities, a teacher ethics and professional conduct evaluation mechanism based on deep learning subjective evaluation text
information is proposed. First, the pre training model and teaching evaluation dictionary are constructed, and the comprehensive evaluation
index system of teacher ethics is designed according to the Core Socialist Values. Then, CNN is selected to extract local features of sentences,
and improved RNN is selected to capture context dependent phrase features. Based on the excavated emotional characteristics of students,

teachers can not only understand students in real—time, but also further optimize teaching methods.
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